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 We then find the corresponding hand position in 
the range camera in order to find its depth value. The hand 
is segmented from a cube whose center is the 3D hand 
position.  
 This extra web camera helps to improve the 
accuracy of the 3D hand position, especially in the 
situations mentioned above. However, it also imposes extra 
burden of alignment between the web camera and the range 
camera. Furthermore, when the person is wearing a short 
sleeve clothes, the color based method may locate the hand 
position incorrectly. 
 In the future, the recognition of more types of hand 
shapes will be included. For testing robustness, the 
templates will be created by one person, while hand images 
from several persons will be used in the test stage. The hand 
trajectory recognition method should be improved so that it 
is invariant to the scale of the movements. Gestures 
performed in an outdoor environment will also be tested to 
evaluate the capability of the range camera and the 
robustness of the proposed methods.  
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